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Public -Private partnerships 
for leveraging privately held 
data







Statistics based on Payroll Transactions

Henceforth payroll-disbursed income = income







Monthly income
Average monthly income per bank-client = 15 000 (880 dollars, 1 dollar = 17 pesos)

Regular income + Christmas bonuses 



Decile Average

Monthly  payroll dispersion- +





This data can 
contribute to the 
discussion of 
relevant topics:

1. Gender Income Gap. 
2. Dynamics of the formal labor 

market by age group. 
3. Poverty measurement.



Gender gaps



Gender income gap*

* December was excluded



State

Monthly average payroll for women, by municipality.





Dynamics by age group



Growth in number by age group:

Workers in formal 
sector +  retirees

Workers in formal and 
informal sector +  retirees

24 or younger -6% -5% 0%
25 a 34 4% 6% 5%
35 a 44 6% 4% 3%
45 a 54 10% 12% 8%
55 a 64 15% 15% 10%
65+ 30% 23% 14%

Age group Bank clients
ENOE



Regions experiencing an increase or decrease of the youngest. 2022 vs 2019



Poverty measurement



Formal sector share.
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Poverty rates based on official  data, 2020.* 

* Some municipalities are grouped together.

- +



Poverty rateCoverage rate

Correlation -0.8
R2 0.79 (controlling by state)
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Alternative (Non-survey) Data
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Annual national coverage since 2008
A raster, crop-specific, land cover data set produced using 

satellite data for acreage estimation 

Historically, 
85% - 95%
accurate
for major
crops

* 9 billion pixel 30m 
product

Cropland Data Layer (CDL)
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Predictive Cropland Data Layers and Entropy Layers
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Illinois (2021)
Entropy Layer

Illinois (2021)
PCDL and 
Segments

Entropy
High

Low

PCDL based on 
High-Order Markov Chains

Entropy layer based on
normalized Shannon entropy
from the predictive distribution

Accuracies in IL
F1-score for corn: 81.5%
F1-score for  soybeans: 80.5%





Applications Leveraging All Data
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Identifying Farms Not on the NASS List Frame
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Illinois

Pennsylvania



Using Non-Survey Data to Complete Surveys

A

C

D

B

E

F

G H

June Area Survey (JAS) is conducted annually in 
June
Frame: All land in U.S. provides a complete frame 

assuming accurate screening
Sample Unit:  A segment, which is typically a 1-

square mile area of ~640 acres (~259 hectares)
Segments divided into tracts, representing 
unique operations

Design: Stratified Random Sample of segments, 
strata based on percent cultivated (>50%, 15%-
50%, < 15%) 
20%  of the sample enters each year and 
remains for 5 years
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Wealth of Non-Survey Data

16











https://doi.org/10.1214/18-STS687
https://doi.org/10.1007/s10651-018-0416-4
https://doi.org/10.1111/rssa.12390


https://doi.org/10.2478/jos-2020-0004
https://www150.statcan.gc.ca/n1/pub/12-001-x/2019002/article/00004-eng.htm
https://doi.org/10.17226/24892
https://doi.org/10.1109/IGARSS46834.2022.9884059
https://doi.org/10.6339/23-JDS1098
https://doi.org/10.3390/stats5030051


Thank  you !
Linda.J.Young@usda.gov



THE USE OF SCANNER DATA IN OFFICIAL STATISTICS 
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Data pipeline for automated data preparation



Data pipeline for automated data preparation
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